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Descent methods and gradient descent
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Minimization and descent L08-501
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Descent directions L08-S02
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Algorithms for descent directions L08-503
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Stoppmg/cnterlon: gradient norm L08-504
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L08-S05

Step size tuning: linesearch @W ,g c/
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Linesearch for quadratic functions L08-506
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Direction tuning: gradient descent L08-507
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Algorithm: Gradient descent L08-S08
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Gradient descent with linesearch on quadratic fundtigh
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Gradient descent: orthogonality of corrections L08-510
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Convergence of gradient descent
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Computational examples L08-512

MATH 5570/6640, ME EN 6025 — U. Utah Gradient-based descent



